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Welcome to Explainpaper

Upload a research paper to start reading it.

pressing need of lowering the power consumption since this is a prime
concern in the artificial intelligence playground.

We have performed an analysis of different
onvolutional . . . produces a loss in accurac
5. Conclusions in all the CNNs considered.

What's the novelty in this paper?
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The authors analyzed how reducing
the precision of the conductance
levels in memristors affects the
accuracy of different neural networks
trained on the MNIST dataset. They

found that reducing to four levels
decreased accuracy while using eight
levels showed good results. They also
modeled the variability of
experimental conductance levels and
found that it further decreased
accuracy in all networks.

Ask a follow up question ()

This paper is novel in that it examines the influence
of quantization and variability on convolutional
neural networks (CNNSs). It also considers different
CNN architectures, such as the number of
convolutional layers, size of filters in the
convolutional layer, and number of neurons in final
network layers. Additionally, this paper uses
conductance levels from fabricated 1T1R structures
based on HfO2 memristors as reference for four or
eight level quantization processes at inference
stage. Finally, it models experimental conductance
levels with Gaussian distributions to determine loss
accuracy when included into CNN weights.
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A Machine Learning Tutorial for Operational
Meteorology, Part I: Traditional Machine Learning

represents a class label. The model makes decisions by starting
at the root of the tree and working its way down to the leaves
I'he model predictions are based on the path that the model

takes through the tree

Ive bayes clasM si<ers i- meteorology

This text is discussing the use of Bayes classifiers in
meteorology. Bayes classifiers are used to predict the
probability of an event occurring, based on past data. They are a
type of statistical tool that can be used to help make decisions in

various fields, including meteorology

What is support vector machines?

Support vector machines are a type of machine learning
algorithm that are used to classify data. The algorithm works by
finding a line that best separates the data into two groups. The

line is then used to classify new data peints

fsk about the paper here..,

where f; is the probability of class 1 (1., the mumber af
data points labeled class i divided by the total number of
daia points). While Entropy is defined as

=t
Entropy = ;m Toga(pib. (12
¥

Both functions effectively measure how similar the data
poind labels are in cach one of the groupings of the tree
after some split in the data.  Envision the flow chart as
a tree. The decision is where the tee branches into two
directions, resalting in two scparate leaves. The goal of a
deciszon tree is o choose the branch that resslts in a leaf
having a minimum of Ginl or Entropy. In other words, the
data split would ddeally resalt in two sub-groups of dats
where all the labels are the same within cach sub-group,
Fig. [ shows both the Cini impurity and entropy for &
two class problem. Consider the example of clasifying
winter precipitation &s rain or snow. From some example
surface temperature dataset the likely decisbon theeshold
would be sear 32°F, which woukd resull in the subseguent
v groupings of data point labeld (ie.. snow/rain) having
o dominant class label (Le., fraction of cliss k is near 0
or 1} and thus having a minimum of Entropy or Gini (ie.,
near ), The actual oatput of this tree could be cither the
majority class label, or the ratio of the major chass {ie., a

probabilistic output).

While it is helpful 1o coasider a decision tree with a
single deciiion, also known as a tree with & depth of 1,
the prediction power of o single decision is lmited. A step

A tree with depth two will likely have better performance,
bt the prediction power is still somewhat Hmited.
Anadditional sp to increase the complexity of declzion
troes, Wiﬂdﬂumm kacmnly
wied method in meteorology: ensembles, While it might
not be elear here, decision trees become over-fit {i.c., work
really well for training data, but perform poorly on new
dsta) as the depth of the trec increases.. An alternative
approsch i4 to uie an cnsemble of troes (i.c., 4 foresth, Us-
ing an cnsemble of trees fomms the basis of rwo additional

Random forests are s collection of decision that are
trained on random subects of dats and random subscts of
input variables from the initial training dataset. ln other
words, the mathematics ane exactly the same for cach tree,
the decisions still aim to minimire the loss (e.g., Entropy),
bt each tree is given a different random subset of data
sampled from the original dataset with replacement. Gira-

instead of raining multiple 1rees on random subsets (ie.,
random forest], gach tree in the ememble is successively
trzined on the remainang erroe from (be previous trees. To
pat it another way, rather than minimizing the total error
o randon trecs, the reduced emmor from the firs decision
tree i now minimized on the second ree, and 1he reducad
ertor from trecs one and two is then nunimized on the
third tree and s0 on. In order to come up with a single
prediction out of the ensemble of trees. the predictions can
e combined through a viting procedure (i.c., count up
the predicted classes of esch tree) or by taking the average
probabilistic outpul from each tee. Random forests can
use either method, while gradient boosted trees are limated
1o the voting procedure.

While the discutsion here has been centered on classi-
lication for the tree-hased methods, they can be used for
regression s well. The main altzration (o the decision tree
mcthod 1o convert 1o 4 regression-based s the sub-
stitution of the loss function (i.c., Eq, For cxample
& common loss function for random forest for regression
and gradient boosted regression is the same loss funclion
as linear regression described in the previows sectien (e.g.,
Eq. [2), the residual summed squared error.

¢ Suppors Vector Machines

A support vector machine {commonty referred to as
SVM; Vapaik 1963) is an ML method simdlar to lincar
and logistic regression, The bdea b that & suppoft vector
mﬁ:mllﬁwmwdﬂibmm
has a similar mathematical form but written diflerently to
acoount to vector notation, The equation is

Fw e {13

where W is a vector of weights, X is a vector of input fea-
fures, b is a bias term and { is the regression prediction.
In the case of classification, only sign of the right side of
Eq. [T% is used. This lincar boundary can be generalized
beyond two-dimensional problenss (i.¢., two input features)
o theee-dimensions where the decision boundary is called
uplue or any higher order space where the boundasy is

called g hyperplane. The main difference between lingar
mcthods discussed in Sections 2a-2b and support vector
machines is that suppart vector machines include margins
to the lincar boundary. Formally, the margin is the arca
between the linear boundary and the closest training dal-
apoint for cach class label {e.g. chosest rain data point
anel closest snow datapoint). This is shown schematically
with & yynthetic datxset in Fig. B While this i an ideal
case, wsually clasees overlap (Fig. Bb), but support vector
machines can sl handle splitting the classes. The opti-
mmization ik for sector machines is stated as the
following: Find w' such thal the margin i maximized.
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"Attention is all you need"
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¢Y su DOI?

El articulo "Attention is all you need" no tiene un DOI asignado, |
ya que fue publicado en las actas de una conferencia (NIPS
2017) y no en una revista cientifica. Sin embargo, puedes
acceder al articulo en linea a través del siguiente enlace:
https://proceedings.neurips.cc/paper/2017/file/3f5ee24354
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G it H | 1 import datetime

3 def parse_expenses(expenses_string):

L
CO I |Ot """Parse the list of expenses and return the list of triples (date, value, currency).
p Ignore lines starting with #.

Parse the date using datetime.

Example expenses_string:
2016-01-02 -34.01 USD
2016-01-03 2.59 DKK
2016-01-03 -2.72 EUR

O
for line in expenses_string.splitlines():
if line.startswith("#"):
continue
date, value, currency = line.split(" ")
expenses.append( (datetime.datetime.strptime(date, "%Y-%m-%d"),
float(value),
currency))
return expenses
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actividad A4.2 (que se describe en la siguiente seccidn) impartira de forma exclusiva formaci
Back Coffee a los estudiantes de Grado y Master se vinculen a nosotros por estar realizando
practicas curriculares o extracurriculares y/o su TFG/TFM, favoreciendo |la preparacion de los
MiSMOS a sus propios trabajos al contexto de la IA responsable y ética.

|:] Ofrecer Trabajos de Fin de Grado (TFG) en teméaticas asociadas a la |A responsable
|:| Ofrecer Trabajos de Fin de Master (TFM) en tematicas asociadas a la |A responsable

I:] Fomentar la realizacion de TFMs co-tutorizados por investigadores de la Universidad de Granada

FII AN LI LAT T % A% Wi A T Wl % AT IR W BT VW W WAl T Rl ls 1 %I IRl %t % Wied Wil W Wi WA Ty 5o

Para reforzar las actividades relativas a A4.1 Oferta TFG/TFMs en Estudios de Grado y Master y
A4.5 Practicas extracurriculares con entidades colaboradoras, la catedra IAFER en el contexto la
actividad A4.2 (que se describe en la siguiente seccion) impartira de forma exclusiva formacion
Back Coffee a los estudiantes de Grado y Master se vinculen a nosotros por estar realizando
practicas curriculares o extracurriculares y/o su TFG/TFM, favoreciendo la preparacion de los
mismos a sus propios trabajos al contexto de la IA responsable y ética.

Actividades de formacion Publico objetivo Descripcidén
Ad4.1 Oferta TFG/TFMs en Estudiantes de Grado y Oferta formativa explicita de
Estudios de Grado y Master Master Trabajos de Fin de Grado (TFG)

en tematicas asociadas ala lA
responsable

A4.2 Seminario permanente de Estudiantes de Grado y Formacion Black Coffee

formacion Black Coffee Master impartida a estudiantes de Grado
y Master que realicen practicas
curriculares o extracurriculares
y/o su TFG/TFM

A4.3 Seminario Cientifico en Publico general Seminario Cientifico en

|
I —— e ————
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Esta propuesta de catedra se estructura en diferentes
investigacic i6ny ditusion, asf Draft with Al
investigacion, formacion y difusion, asi como transfer L/ L VWil

estos aspectos se interconectan en muchas ocasione
actuaciones concretas referidas en el PT4 Formacios ’

Brainstorm ideas...

N\

en relacion directa las de PT8 Coordinacion, Difusio
vez se nutren de las contribuciones cientificas de est

N

Blog post...

La presente memoria describe las actuaciones de PT
documento prosigue con la descripcion de los produt
materiales informativos y comunicativos en la Seccio
con la contribucion de la catedra IAFER a los propdsit
Seccion 6 detalla los indicadores de seguimiento que

Outline...

N,

actuaciones de formacién y divulgacion asf como gra / SOCIa I med |a pOSt materiales informativos y comunicativos en la Seccion 4. La Seccion S relaciona estas actuaciones
I | Ivu I I Ve Lt ‘ o . . .
Y con la contribucion de la catedra IAFER a los propdsitos planteados por la ENIA. Finalmente la
| A Secciodn 6 detalla los indicadores de seguimiento que seran aplicados para medir el impacto de las
i S o121 [ /L PreSS Fe Iea Se see actuaciones de formacion y divulgacién asi como grado de satisfaccion de los resultados obtenidos.
Edit review select I
o e lentos y Exciting news! The University of Granada has established the IAFER chair to facilitate education and training
Improve writing Granad / C rea't lve Sto ry. .. in artificial intelligence. The chair will provide opportunities to fill knowledge gaps and promote responsible
Fix spelling & grammar esasy| o and ethical development of Al. The aim is to open up new spaces for discourse and create a society that can
E i use the potential benefits of Al. Stay tuned for updates on the progress of this initiative! #artificialintelligence
Make shorter gHacion » #education #responsibility #innovation
7/ Essay... paribiity
Make longer
1acion f
Change tone See more
Simplify language . ) - y
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b Blscame proyectos de STEM en e No More Matildas © : una

" mujeres y nifas en Espaia iniciativa de la Asociacion de
. . . Mujeres Investigadoras y

Te damos la bienvenida al nuevo Bing Buscando: ‘proyectos de STEM en mujeres y Tecnologas, que busca

J = o ~ g . Fpe
Usa el poder de la IA para encontrar ! nifias en Espaiia recuperar referentes cientificos

respuestas en la web, crear contenido «/ Generando respuestas para usted para inspirar y fomentar la
escrito y mucho més. P P vocacion cientifica en nifas y

Condiciones de uso  Declaracion de privacidad mUjereS.
| Aqui tienes algunos proyectos de _
[ ¢C6mo usa Bing la inteligencia artificial? ] STEM en mujeres y nifias en ¢Te interesa alguno de estos
Espafia: proyectos? ;Quieres saber mas
[ EQus mAs Risesin Racer Ging P j detalles sobre ellos?

e Inspira STEAM " : un proyecto
pionero basado en acciones de

[ :Cuales son las ultimas noticias en tecnologia? ]

| | ) Mas informacion: 2de15 @
sensipilizaci i Ta e
9 @ impa B Dejar de responder 1. alianzasteam.educacionyfp.gob.es
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: : ! : b " : Segun una busqueda rapida en
cual de ellos es el mas exitoso quiero saber cual tiene mas.emo estas redes sociales. se puede
con respecto a la redes sociales

apreciar que algunos de los

\/ Bus:candoz 'f‘exito de proyectos de STEM en proyectos mas populares son:
mujeres y nifias en Espana’ Buscando: ‘proyectos de STEM en mujeres y . n .. p
, e v nifias en Espafa redes sociales’ ¢ pllamza SIEANT:tanemis de
v E:Zc::ndo: n?edur el e.)f_lto rde proyectos de 3.000 seguidores en Twitter y
chIRUecoy ilias ./, Generando respuestas para usted... mas de 1.000 en Facebook. Usa
«~ Generando respuestas para usted... los hashtags #AllanzaSTEAM y
Una forma de medir el éxito de los #NinasEnPieDeClencia para
No hay una respuesta Unica a tu proyectos de STEM en mujeres y @Tu-nd-lr sus actividades e
pregunta, ya que el éxito de los niRas con respecto a las redes jelativas;
proyectos de STEM en mujeres y sociales es observar el nimero de e Inspira STEAM * : tiene mas de
nifias puede medirse de diferentes seguidores, interacciones y 4.000 seguidores en Twitter y
formas, como el nimero de menciones que tienen en mas de 2.000 en Facebook. Usa
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Robust Speech Recognition via Large-Scale Weak Supervision

Alec Radford“! Jong Wook Kim“! Tao Xu! Greg Brockman! Christine McLeavey! Ilya Sutskever !

40

Abstract

We study the capabilities of speech processing
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Escribe un examen tipo test sobre literatura espafnola del siglo XIX para

@ ChatGPT

. ¢Quién es el autor de "Don Juan Tenorio"?

a) José Zorrilla
b) Benito Pérez Galdds

Aqui te dejo una pregunta de un examen tipo test sobre SQL que evalua el c) Gustavo Adolfo Bécquer

conocimiento del estudiante con respecto a la creacidn de vistas: d) Emilia Pardo Bazan
. ¢Cual es la obra mas famosa de Benito Pérez Galdds?

4. ;Cual es la sintaxis correcta para crear una vista en SQL? a) "La Regenta"
a) CREATE VIEW nombre_vista AS SELECT columna’l, columna2 FROM b) "Fortunata y Jacinta"
tabla WHERE condicion; ¢) "Dofia Perfecta”
b) SELECT nombre_vista FROM tabla WHERE condicion; d) “Mlsaricordia®
c) UPDATE nombre_vista SET columnaTl = valor1 WHERE condicion;
d) ALTER VIEW nombre_vista ADD columna_nueva;

. ¢Quién es el autor de "La casa de Bernarda Alba"?

a) Federico Garcia Lorca
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EVALUAR EXAMENES
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Escribe un examen de filosofia con 2 preguntas de desarrollo y sus respuestas
en solo 500 caracteres.

Pregunta 1: ;Qué es la verdad y codmo podemos llegar a ella?

Respuesta: La verdad es un concepto complejo y multifacético. En la filosofia,
se ha debatido durante siglos sobre la naturaleza de la verdad. Algunos
fildsofos la han definido como correspondencia con la realidad, mientras que
otros la han visto como un proceso de verificacion empirica. En ultima
instancia, la verdad puede ser entendida como una afirmacion o proposicion
gue corresponde a la realidad de los hechos. Para llegar a ella, es necesario
realizar una investigacion rigurosa y objetiva, examinar todas las pruebas

disponibles y llegar a una conclusion basada en la evidencia.

©) chatGPT

Ahora evalla cada pregunta entre O y 10 e indica puntos de mejora.

Por supuesto, aqui esta mi evaluacion y retroalimentacion sobre las preguntas y

respuestas del examen de filosofia:
Pregunta 1: Explique la teoria del conocimiento de Descartes.

Evaluacion: 9/10

Comentarios: La respuesta proporciona una explicacion clara y concisa de la
teoria del conocimiento de Descartes, incluyendo la duda metédica y el uso de
la razon para encontrar conocimiento verdadero. Tambien menciona la
demostracion de la existencia de Dios y la realidad del mundo externo, que son
elementos importantes de la teoria de Descartes. La respuesta podria haber
sido mas completa si se hubiera abordado |a relacion entre la mente y el

cuerpo, que es otro aspecto central de la filosofia cartes

T e—)8
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sql [7) Copy code

SELECT m.nombre, COUNT(*) as num_pacientes

JOIN Atiende a ON m.Colegiado = a.Colegiado

&) chatGPT

GROUP BY m.Colegiado
HAVING COUNT(*) > 10;

Dada una base de datos con tres tablas: Paciente(DNI, nombre, fecha), Explicacion de la consulta:

Médico(Colegiado, nombre, especialidad) y Atiende(DNI, Colegiado, cuando)

- 1. Seleccionamos el nombre del médico y el nimero de pacientes atendidos
crea una consulta en SQL que devuelva aguellos medicos gue han tratado a

mas de 10 pacientes. usando “SELECT m.nombre, COUNT(*) as num_pacientes’.
2. Unimos la tabla "Medico™ con "Atiende” usando "JOIN Medico m ON

m.Colegiado = a.Colegiado .
3. Agrupamos los resultados por el nimero de colegiado del médico usando

"GROUP BY m.Colegiado’.
4. Filtramos los resultados para incluir solo aquellos médicos que han atendido

a mas de 10 pacientes usando "HAVING COUNT(*) > 10°.

ﬁ



EXPLICANDO EJERCICIOS

hh‘ps:/ [ phofomafh.com/ es

ohotomath

smart camera calculator

Haz una foto de un problema de matematicas

.

PASOS DE LA SOLUCION

Resolver la ecuacion
cuadratica

xz--t 3x+4=7

X

1’

Resuelva utilizando la formula
cuadratica

Y21

_3_5 e 1
‘:—2 ’xz:

x,=-3,79129,x,~0,791288

2

Mostrar la solucién paso a paso —>

Resuelva utilizando la formula
cuadratica

Resuelva por completacion de
cuadrados

xZ+3x+4=7 D 4

Mueva la constante al miembro @
izquierdo y cambie su signo Por aLié

2
X +3x+4-7=0 J
x“ +3x+4-7=0
X 3x 3=l
2 _

d k=t J

:

ﬁ
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IMAGENES, VIDEOS, MUSICA

hh‘ps:/ / goo gle-research. 9i1hub.io/ seanet/musiclm/examples/

MusicLM: Generating Music From Text

Andrea Agostinelli* ! Timo I. Denk ™ !
Zalan Borsos! Jesse Engel!| Mauro Verzetti! Antoine Caillon”> Qingging Huang' Aren Jansen'
Adam Roberts! Marco Tagliasacchi! Matt Sharifi'! Neil Zeghidour! Christian Frank !

1

Painting title
Abstract and author Painting image (from Wikipedia) Painting description Generated audio
We introduce MusicLM, a model f "His melting-clock imagery mocks the
L > . . — I T——— rigidity of chronometric time. The watches

W themselves look like soft cheese—indeed,
The by Dali s own account they were inspired
Darsistenc by hallucinations after eating Camembert .
of Memory- cheese. In the center of the picture, under > 0:05/0:30 == o) :

) one of the watches, is a distorted human
Salvador Dali

face in profile. The ants on the plate
represent decay.”" By Gromley, Jessica.

"The Persistence of Memory".
Encyclopedia Britannica, 14 Apr. 2022.

ﬁ




IMAGENES, VIDEOS, MUSICA

hﬁps:/ [ goo gle-research. gifhub.io/ seanet/musiclm/examples/

8. Broader Impact

MusicLLM generates high-quality music based on a text de-
scription, and thus it further extends the set of tools that as-
sist humans with creative music tasks. However, there are

several risks associated with our model and the use-case We acknowledge the risk of potentlal misappropriation of

it tackles. The generated samples will reflect the biases creative content associated to the use-case. In accordance
present in the training data, raising the question about ap- with responsible model development practices, we con-
propriateness for music generation for cultures underrepre- ducted a thorough study of memorization, adapting and
sented in the training data, while at the same time also rais- extending a methodology used in the context of text-based
ing concerns about cultural appropriation. LILMs, focusing on the semantic modeling stage. We found

T ——— that only a tiny fraction of examples was memorized ex-
actly, while for 1% of the examples we could identify an ap-
proximate match. We strongly emphasize the need for more
future work in tackling these risks associated to music gene-
ration — we have no plans to release models at this point.

ﬁ



IMAGENES, VIDEOS, MUSICA

hh‘ps:/ /creators.diva.ai/

. /;L AIVA & Generation Profiles  In

Profiles Library

Q_ Search for a generation profile

Editor 197.6k » 1.7k @

Generation Profile

(») Old School Rap

By AIVA

Achievements 111.6k > 421 @

Dadin

Compositions Generation Profiles Influences

SOURCE INSTRUMENTATION  KEY BPM METER CREATED w DURATION
Home

Synthwave | GP Ensemble C Major 75 4/4 Mar 20, 2023 0:28
Editor
Generation Profile
Achievements
Radio
Billing
Updates
Community

Tutorials

coeocecooe @




ESCRIBIR INFORMES

hﬁps:/ [ app.leonardo.ai/

Leonardo.Ai

78\ Leonardo. Al Generation Tool
05

) _ chemistry

Instance Prompt: word @)
Number of Images

Finetuned Model
Typography 1

None

Image Dimensions (7) . Negative Prompt

512 x 512 768 x 768 @O rrompt Magic




¢POR QUE HAY TANTAS APLICACIONES?

® REDES NEURONALES ARTIFICIALES
® DEEP LEARNING

e BIG DATA




REDES NEURONALES
ARTIFICIALES

BIOLOGIA MATEMATICA INFORMATICA
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TRANSFORMERS
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@ rocio@ugr.es
http://decsai.ugr.es/~rocio . A

Q @RCRZ_UGR
SintonlA: la |A en las ondas

(@sintonia_dascl




